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1.3 Three-dimensional disruption: Fundamental reconstruction of bank 
0perations

1.4 Challenges and value returns of AI applications

In the practical implementation of artificial intelligence technology, financial institutions 
face multiple challenges at the technical, data and organizational levels, while also 
realizing significant gains in terms of operational and customer value. Based on a joint 
research report by Ernst & Young LLP  and the Institute of International Finance (IIF), 1 
the core challenges and key benefits of AI applications can be summarized as follows.

Data quality is the most fundamental bottleneck for financial institutions advancing AI 
solutions, with the vast majority identifying it as a key challenge. Data availability and 
the adaptability of training data are also cited by most institutions as the second major 
issue. Organizational and technical constraints are similarly prominent: the lack of 
support from key internal stakeholders and weak foundational technical infrastructure 
remain important obstacles to AI implementation. Among the specific pain points related 
to data quality, almost all financial institutions view "noisy, outdated, inaccurate, and 
poorly adaptable unstructured data" as the primary barrier to AI deployment, and the 
lack of labelled data has become a major constraint on technical implementation.

Despite numerous challenges, AI technology continues to deliver highly valuable 
business returns. The core benefits concentrated on improved operational efficiency, 
optimized cost structures and in -depth upgrades in customer experience and service 
reach. From the practical results of AI use cases, financial institutions' investment in 
developing and deploying AI application scenarios are based on clear expectations of 
these core returns, which also reinforces the key driving role of AI technology in 
upgrading financial business models.
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L1 (Pilot exploration period): Decentralized model, with no dedicated and 
centralized AI functional department established. AI capabilities are 
scattered within various technology teams, in an isolated state of each 
fighting on their own. Talent are mainly part -time traditional technology 
personnel, lacking professional algorithm engineers and AI product 
managers. Business personnel generally lack AI thinking, and AI is treated 
as a passive tool, and the talent structure presents a pyramid shape.

L2 (Scenario application period): Centralized empowerment model, starting to 
establish a centralized AI team or Center of Excellence ( CoE) as a public functional 
department to output general capabilities to various business lines. The boundary 
between technology and business organizations is still clear, showing an order -
taking service relationship. The professional division of talent has initially emerged: 
algorithm engineers are introduced on the technology side, and AI translators 
appear on the business side. The role of AI is upgraded to a professional assistant. 
The talent structure still maintains a pyramid shape, but the proportion of middle -
level technical backbones has slightly increased.

L3 (Process reconstruction period): Federal collaborative model, forming cross -functional agile 
teams. The traditional hierarchical system is broken, and each team has end -to-end decision-
making power. Interdisciplinary talents rise, and AI product managers and business architects 
become the hub connecting technology and scenarios. AI is embedded into core processes as a 
collaborator. The talent structure transitions to an inverted diamond shape, and the assessment 
mechanism begins to cover the joint output of cross -functional teams.

L4 (Business integration period): Liquid organizational model, dynamically forming teams based on 
goals, with blurred organizational boundaries. The traditional hierarchical system is dissolved, and 
innovation is no longer driven by instructions, but emerges from the bottom up by front -line employees 
augmented by AI capabilities. The talent structure is an inverted diamond shape, with primary 
operational positions largely replaced, and experts with AI thinking becoming the main force. AI 
becomes the primary productive force driving business growth. Performance appraisal is no longer 
limited to individuals, but reflects the comprehensive effectiveness of humans + AI.

L5 (Superintelligent prototype): Ecological organizational model, with an extremely flat structure, forming a 
dynamic value network across enterprises. A large number of decisions and executions are independently 
completed by AI agents, and humans step back to serve as ethical and strategic governors. The talent structure is 
a pine tree-shaped, high-density structure, retaining only top strategists and ethical experts. Organizational 
expansion no longer relies on hiring people, but on the growth of computing power, achieving true human -machine 
symbiosis.

Organization and talent: Cultural and organizational transformation 
for business -technology integration

The essence of AI reshaping banks is not only the iteration of technology, but also a profound 
transformation of the integration paradigm of productive forces and production relations. As a 
core dimension for measuring the transformation of AI banks, the evolution of organizational 
and talent maturity from L1 to L5 reflects the progression of the integration model between 
business and technology (AI).

AI bank white paper: Reconstructing the financial paradigm 
through intelligent agents

23

Pilot 
exploration 
period

Scenario 
application 
period

Process 
reconstruction 
period

Business 
integration 
period

Super-
intelligent 
prototype





5

L1 (Pilot exploration period): Banks have not yet formed an AI 
governance system and mainly respond passively. AI is not incorporated 
into the risk and compliance framework, and there is a lack of clear 
responsibilities, systems and standards. Issues such as model risks, 
algorithmic bias and privacy security are usually exposed after the event 
and handled manually, and governance remains in a primary, event -driven 
state.

L2 (Scenario application period): With the gradual implementation of AI across 
multiple scenarios, banks begin to build an initial governance framework and clarify 
basic responsibilities, but the governance system remains fragmented. Risk 
identification is mainly based on case -by-case evaluation and passive response, and 
only limited compliance checks are carried out in some projects. There is no unified 
standard and management mechanism, and the overall governance capacity is still 
difficult to support large -scale applications.

L3 (Process reconstruction period): Banks form a relatively complete AI governance framework, 
with the core characteristic of independent model audit and ethical review. AI is systematically 
incorporated into the existing risk governance framework, and governance activities are model -
centered, covering risk identification, performance verification, fairness assessment and ethical 
evaluation after launch. Governance achieves a transition from disordered to rule -based, but still 
focuses on post-event control, making it difficult to provide continuous constraints on dynamic 
risks and large-scale applications.

L4 (Business integration period): Banks establish a regular, automated and refined AI governance 
system, with the core characteristic shifting to governance rules embedded in development platforms 
and business processes. Governance requirements are converted into system capabilities and 
embedded into the entire process of model development, deployment and operation. The scope of 
governance objects expands to model platforms and business processes, and rules are written into the 
system in the form of parameters and thresholds, making compliance an inherent attribute of system 
operation and supporting high -frequency iteration and deep business integration of AI within a highly 
trusted boundary.

L5 (Superintelligent prototype ): The core characteristic of AI governance is ecosystem -level collaborative 
governance and adaptive operation. The scope of governance objects expands from single models and business 
processes to cross-institutional, cross -scenario ecosystem systems. Banks have established a governance system 
covering the entire lifecycle of models and achieve dynamic adjustments through data -driven and automated 
mechanisms. The AI system can support ecological resource allocation, value collaboration and complex risk 
analysis within the established governance framework. Governance is integrated into ecological operation logic in 
an endogenous, systematic way, supporting the stable and collaborative development of banks across a wider 
range of industrial scenarios.

Value and governance: Value deepening from cost saving to 
ecological revenue, and guarantee upgrade from compliance audit 
to embedded governance
The application of artificial intelligence in the banking industry is driving dual transformations 
in value creation and governance models. In terms of value, AI has gradually evolved from an 
auxiliary tool to improve efficiency to a core engine driving revenue growth and shaping 
differentiation, and ultimately to a value hub capable of reconstructing the financial ecosystem. 
At the same time, the AI governance paradigm is evolving from passive control to active 
leadership and from partial response to global co -governance.
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I. Market overview: The AI advantage of small and medium -sized banks comes from 
focus rather than scale

From the practices of North American community banks, European specialized banks and Asian 
regional banks, the most common and effective successful paths of AI in small and medium -sized 
banks share the following characteristics:
�‡ They do not pursue the construction of a bank -wide, unified AI platform.
�‡ They clearly focus on one to two high -value business scenarios.
�‡ They compensate for data, models and technical capabilities through external ecosystems.
�‡ They form local leadership within segmented customer groups or regional markets.
This is fundamentally different from the approach of large banks that promote comprehensive 
intelligence relying on scale advantages.

II. Path selection: small and medium -sized banks should not copy the AI -bank model of 
large banks

The AI-bank construction model of large banks typically aims for a "unified data base + central model 
factory + full -process automation," which depends on long -term high investment, strong governance 
and strong technical organizational capabilities.
If regional banks simply adopt this model, they often encounter three major challenges:
�‡ Mismatch between investment intensity and revenue structure
�‡ Technical complexity that exceeds organizational carrying capacity
�‡ Amplified AI risks and compliance costs
EY recommends that the regional banks prioritize serving clear business goals rather than pursuing 
technical completeness when building AI -banks capabilities .

III. Path recommendations: Strategic focus + ecological empowerment

Based on global practices and aligned with the requirements of China's 15th Five -Year Plan and 
related financial regulatory policies, EY recommends that small and medium -sized banks adopt a path 
of strategic intelligence, with three core principles:

Strategic focus : Clarify that the primary goal of AI is not to "improve the efficiency of the entire 
bank," but to strengthen the core business capabilities with the strongest regional or customer -group 
advantages, such as:
�‡ Micro, small and medium -sized enterprise (MSME) and inclusive finance
�‡ Sci-tech innovation and industrial chain finance
�‡ Agriculture, county and characteristic industrial finance

Scenario -driven : Build relatively independent and quickly implementable AI capability units around a 
single core scenario, rather than transforming the entire bank's systems all at once.

Ecological collaboration : Proactively deepen cooperation with local government platforms, local 
industrial platforms and third -party technology companies with strong credit and technical 
capabilities. Through capability combination rather than independent R&D, small and medium -size 
banks can shorten construction cycles and reduce trial -and-error costs.

4.3 Special recommendations: Agile breakthrough path for small and 
medium -sized banks
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IV. Value positioning: AI as a capability amplifier rather than a cost center

Successful experiences from global regional banks show that the optimal role of AI in 
small and medium -sized banks is not to replace human resources or achieve full 
automation, but to:
�‡ Significantly improve risk identification and pricing capabilities
�‡ Enhance service capabilities for complex, small -scale customers
�‡ Reduce reliance on individual experience and realize standardized, replicable 

capabilities
When AI is used to amplify existing business advantages rather than to create new 
business forms, its input -output ratio and sustainability are significantly improved.

V. Trend prediction: Evolution direction of AI -banks for small and medium -sized banks

EY predicts that in the next 3 -5 years, the AI -bank models of regional banks will evolve 
along the following directions:
�‡ From technology -oriented to strategy and value -oriented
�‡ From platform -based construction to modular and scenario -based capability 

accumulation
�‡ Gradually expanding application boundaries under strict frameworks of interpretability, 

auditability and regulatory compliance
For regional banks, becoming an AI -bank does not mean achieving full intelligence. 
Instead, it means being smart enough and continuously leading in key business areas.
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